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[ 1] d9 7 AR del w2 MNIST 45 vla

_ A 2-&(%)+XETHA
7t A
44 UFA OFA OUFA OSFA
2d
FC1-1000 | 1.75+0.06 | 1.77+0.04 | 1.75+0.07 | 1.75£0.05
FC2-1000 | 1.670.05 | 1.64+0.05 | 1.67+0.03 | 1.62+0.03
FC3-800 1.60+0.06 | 1.58+0.04 | 1.58+0.04 | 1.57+0.05
FC4-800 1.69£0.05 | 1.65£0.04 | 1.66+0.04 | 1.68+0.06
CONV1-5x5 | 1.24+0.02 | 1.25+0.04 | 1.21£0.06 | 1.23+0.04
CONV2-5x5 | 0.82£0.06 | 0.80+0.06 | 0.76x£0.04 | 0.78+0.06
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