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Fig. 1. Yolov2 architecture
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Table 1.0bject detection performance of the system
Hd Arg mAP
99.8% 90.3% 95.1%

Table 2.Behavior detection performance of the system

F3 2= aut g A & 4H Mean
recall recall recall recall
83.6% 99.6% 99.3% 94.1%

Table 3.Behavior detection performance of the system

o] 4 48] missing rate 5.9%
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